
Government Data Quality Framework
Data Quality Principles
1. Commit to data quality
2. Know your users and their needs
3. Assess quality throughout the data lifecycle
4. Communicate data quality clearly and effectively
5. Anticipate changes affecting data quality

1. Commit to data quality

1.1 Embed effective data management and governance Test Solution / Accountability
Fit for purpose data depends on effective data management and governance practices. Individuals and organisations should:

Adopt formal data governance practices to ensure that data is managed properly Formal data governance practice in place? CDO or outsourced
Adhere to agreed data principles, such as those being developed as part of the National Data Strategy Formal data principles in place? CDO or outsourced
Apply data standards to ensure that data is reusable and interoperable Formal data standards in place? CDO or outsourced
Ensure that accountability for data quality is present at all levels:

Data leaders should guide an organisation or team’s strategic direction by ensuring awareness and improvement of data quality Leaders job descriptions confirm accountability? CEO
Data practitioners should ensure that measuring, communicating and improving data quality is at the forefront of activities relating to data Data practitioners job descriptions reflect requirement? CDO or outsourced

1.2 Build data quality capability
Individuals and organisations should:

Dedicate time and resource to building capability in assessing, improving and communicating data quality through training and sharing best practice Review with those made accountable and assess competence CDO or outsourced and quality assurance tools
Include best practice in data quality management (such as the data quality dimensions) as part of training materials Training materials and guidance in place? CDO or outsourced

1.3 Focus on continuous improvement
Continuous improvements can help to avoid data quality problems before they occur. Individuals and organisations should:

Benchmark and regularly assess levels of data quality over time to track changes in quality Is data quality monitored and regularly assessed? CDO or outsourced
Prioritise and iterate effective improvements to achieve fit for purpose data Is a mechanism for regular data quality review in place? CDO or outsourced
Use data quality action plans to identify and define where efforts should be prioritised Is there an action plan that is regularly updated? CDO or outsourced

2. Know your users and their needs

2.1 Research your users and understand their quality needs Test Solution
To achieve fit for purpose data, it is essential to understand your users’ quality needs. Individuals and organisations should:

Proactively engage with users to understand their priorities Is a proactive user engagement strategy in place? CDO or outsourced
Carry out user research if faced with a large, complex or poorly understood group of users Is a user research methodology in place? CDO or outsourced
Capture a range of user needs for data which has multiple uses Are user types identified and assessed? CDO or outsourced
Balance the conflicting needs of users where possible and prioritise improvements which have the greatest impact Is data quality activity prioritised for greatest impact? CDO or outsourced
Regularly communicate with users to understand any changes in their requirements Is user consultation carried out on a regular basis? CDO or outsourced

3. Assess quality throughout the data lifecycle
Data should be managed across its lifecycle, paying close attention to quality measures and assurance at each stage.
What is a data lifecycle?

3.1 Assess data quality at all stages of the lifecycle Test Solution

Assess data quality at every stage and take proactive measures to improve quality when issues arise Is a data quality assurance methodology in place? CDO or outsourced
Adopt appropriate assessment measures at each stage rather than applying a one-size-fits-all approach to quality assurance Are a variety of appropriate measures in place? CDO or outsourced
Focus quality improvements as early in the lifecycle as possible to maximise their effectiveness Is data quality assessed from input? Automated data quality assurance tool

3.2 Communicate with users and stakeholders across the lifecycle
Different stakeholders will often be involved across the data lifecycle. Individuals and organisations should:

Develop effective communication channels with and between stakeholders to ensure a broad understanding of data quality Stakeholders are aware of their responsibility for data quality? CDO or outsourced
Communicate any changes in data quality to stakeholders at all stages of the lifecycle Are communication channels for updating stakeholders in place? CDO or outsourced
Proactively engage with data providers to ensure a clear understanding of data quality requirements Is there active data quality engagement with data providers? CDO or outsourced

4. Communicate data quality clearly and effectively
Communicate quality to users regularly and clearly to ensure data is used appropriately.
4.1 Communicate data quality to users Test Solution
Individuals and organisations should:

Provide clear data quality information and describe its impact on use of the data Do users understand their responsibility for data quality? CDO or outsourced
Communicate trade-offs in data quality clearly to aid understanding of the data’s strengths and weaknesses Are users able to assess data quality priorities? CDO or outsourced
Be transparent about the quality assurance approach taken and communicate data quality issues clearly to users Do users understand how data quality is monitored? CDO or outsourced
Build strong relationships with suppliers of external data to identify data quality problems at source Is the quality of data from suppliers assessed? Automated data quality assurance tool
Inform users in advance about changes made to data processes which could impact on quality Is there a channel for communicating changes to data processes? CDO or outsourced
Communicate clearly and in plain language, following relevant style guides for published materials Is published data quality related guidance easily understood? CDO or outsourced
Provide clear definitions of terminology used and not presume a high level of user understanding of data quality A referenceable  data dictionary defining quality requirements? CDO or outsourced

4.2 Provide effective documentation and metadata
Individuals and organisation should:

Document and share metadata to minimise ambiguity and enhance opportunity for data access and reuse Is metadata able to be accessed and shared where appropriate? CDO or outsourced
Document and report data quality issues and be transparent about steps being taken to address them Are data quality issues and rectifying actions reported? CDO or outsourced

5. Anticipate changes affecting data quality

5.1 Plan for the future Test Solution
Individuals and organisations should:

Use root cause analysis to solve data quality issues at source, rather than apply temporary fixes Is proactive data quality assessment in place? Automated data quality assurance tool
Regularly communicate with users to keep up with changing data and quality requirements Is there a channel for communicating changing data requirements? CDO or outsourced
Proactively consider the impact of changes in systems on data quality Is there a mechanism for assessing system changes on data quality? CDO or outsourced
Integrate quality processes into the design of new data systems Do system design processes assess impact on data quality? CDO or outsourced
Ensure metadata and other supporting documentation is thorough and up-to-date Is there a process for ensuring supporting documents are current? CDO or outsourced

The purpose of the data and its lifecycle should be well understood by anyone who handles the data, from its collection to the eventual output.
More detailed information is available in the data lifecycle section of the framework.

Not all future problems can be predicted. Where possible, anticipate and prevent future data quality issues through good communication, effective management of 
change and addressing quality issues at source.

Quality assurance should take place across the entire data lifecycle. Data quality issues can occur at any stage and can have knock-on effects for the rest of the 
lifecycle. Individuals and organisations should:

Create a sense of accountability for data quality across your team or organisation, and make a commitment to the ongoing assessment, improvement and reporting 

Understanding user needs is essential to ensuring that data is fit for purpose. Research and understand your users’ needs. Prioritise efforts on the data which is most 
critical.
What is a user?
Users are the teams, businesses, services and people that will be making use of your data. For example, they may have business needs that rely on fit for purpose data 
from a trusted source, or they may be an enquiring member of the public looking to understand more about their local area.
You may have more than one type of user of your data. Different users’ needs may conflict, so it is important to balance these needs and prioritise having fit for 
purpose data. It is unlikely that data will be equally fit for all purposes.

The data lifecycle is a way of describing the different stages the data will go through from design and collection to dissemination and archival/destruction. The flow of 

3C Consultants - www.3cconsultants.co.uk - 0333 900 3003

www.3cconsultants.co.uk


ONS Data Maturity Model - Summary

Unaware Emerging Learning Developing Mastering
1

Comit to data quality There are hotspots of good practice. Data quality 
expertise is recognised.

Data quality risks in the organisation are recognised. Data quality is recognised and implemented as an organisational priority. 

Culture, people & skills Organisational expectations for quality are set out in 
policy or processes

Plans are in place to improve data quality culture across the 
organisation. Training or other learning is established to 
improve/share data quality expertise.

Roles and responsibility for data quality are defined. 

Data quality responsibilities for staff are clearly documented, 
as are any data quality roles required in the organisation.

People across the organisation have the skills they need.

Data quality risks in the organisation are mitigated.

2
Know your users and their 
needs

Users of data aren’t identified. Immediate, internal users of data are known. High-impact users of data are known, internally and 
externally.

Active relationships exist with high-impact data users. 
Routes exist for users to share feedback on data quality.

The needs of users are considered alongside immediate internal user 
needs.

Effective improvements to reach 
“fit for purpose”

No data quality improvements take place Any improvement takes the form of data cleansing. 
Manual effort by maintenance teams resolve all issues.

Some consideration is given to those users’ needs. Actions to address data quality are recorded. Root cause 
analysis is used to identify appropriate actions. Actions 
tackle causes not symptoms.

Actions to improve quality are recorded and monitored for effectiveness. 
Actions are refined/changed to ensure quality improves. 

Options for resolving quality problems are considered by 
data owners before actions are taken. However, quality 
problems may be addressed through cleansing.

3

Assess quality 
throughout the data 
lifecycle

The quality of datasets is monitored at intervals appropriate to the 
dataset update frequency. 

Assessing quality Quality for all major usages are evaluated. 
The data lifecycle for critical datasets is understood and documented.

4

CommunicCommunicate 
data quality clearly and 
effectively quality clearly 
and effectively

“Known errors” are shared with some users. Some assessment or information about data quality is 
shared for critical datasets. This may be out of date.

Data quality is communicated in terms of fitness for 
purpose. 

Communicating Quality Internally, data quality problems may be known but not 
escalated effectively.

Immediate management are aware of data’s quality. Critical datasets have metadata records that include 
statements of data provenance and known quality concerns.

Routes for communication have been considered.

5
Anticipate changes 
affecting data quality

Quality is not considered at data entry/ collection/ 
processing

Validation or quality controls exist for some fields in 
high-value data

New systems/processes include quality controls as part 
of their design.

Changes to systems/processes are used as an opportunity to improve 
the quality of data.

Quality by design Change happens without user consultation Internal users are informed of major changes that may 
impact on quality when they occur (eg upgrades)

High-impact users are informed of changes that may 
impact on quality before they occur

A wide range of user quality needs are incorporated into new 
systems/processes. 

Consulting users Projects working on new/changed systems/processes plan for and 
embed ongoing data quality management in the organisation

Data quality is not communicated. Data quality is routinely shared alongside data products and 
publications. Information about data quality is up to date, clear and 
meaningful for its audience.

Users’ needs for data quality are considered at the design 
stage for new systems and processes.

Data quality is not recognised as an 
organisational priority.

Some parts of the organisation make time for data 
quality. Some people have data quality 
knowledge/skills.

Data quality is not assessed, or is assessed only 
in response to issues raised

Data quality is monitored in some parts of the 
organisation, this may be done in a narrative of “known 
errors” way. Data quality is not linked to fitness for 
purpose. 

Critical datasets have data quality proactively monitored. 
This is evaluated quantitatively. Results are recorded.

The quality of datasets is proactively monitored. Quality is 
linked to fitness for purpose and evidence is tracked over 
time.
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Data Maturity Framework
(Based on the draft ONS Data Maturity Framework 2021 - as published on the Government's Data Quality Hub)

Assessment Criteria and Check List
Unaware Emerging Learning Developing Mastering 

1 Commitment to data quality
“Create a sense of accountability for data quality across your team or organisation, and make a commitment to the ongoing assessment, improvement and reporting of data quality.”
This strand covers the culture, people and skills you need for data quality to become a way of life in an organisation.

To move along this strand you need to increase awareness of data quality, ensure the right people are involved, and that they have the skills they need.
The strongest organisations in this strand will value quality, and the activities that manage quality, they will know the quality of their data and act quickly to tackle quality problems. Evidence / Notes
Data quality is not recognised as an organisational priority
Some parts of the organisation make time for data quality. Some people have data quality knowledge/skills.
There are hotspots of good practice. Data quality expertise is recognised.
Organisational expectations for data quality are formally set out in policy or processes
Data quality risks in the organisation are recognised and published
Plans are in place to improve data quality culture across the organisation
Training and develelopment is established to improve/share data quality expertise
Data quality responsibilities for staff are clearly documented, as are any data quality roles required in the organisation
Data quality is recognised and implemented as an organisational priority
Roles and responsibilities for data quality are defined
People across the organisation have the skills they need to ensure god data governance
Data quality risks in the organisation are mitigated

Unaware Emerging Learning Developing Mastering 
2 Knowing your users 

“Understanding user needs is essential to ensuring that data is fit for purpose. Research and understand your users’ needs. Prioritise efforts on the data which is most critical.”
To move along this strand you need to strengthen your relationship with a range of users, and to take actions that address the root cause of quality problems.

Organisations that excel in this strand will be considering the needs of all users of their data. They will be reviewing their data quality actions regularly to make the most effective improvements. Evidence / Notes
Users of data aren’t identified
No data quality improvements take place
Immediate, internal users of data are known and roles are defined 
Data cleansing processes are in place
Manual effort is made to resolve all data quality issues
High-impact users of data are known and this information is available both internally and externally
Some consideration is given to those users’ needs
Options for resolving data quality problems are considered by data owners before actions are taken
Active relationships exist with high-impact data users, ensuring contiuous consultation
Routes exist for users to share feedback on data quality
Actions to address data quality are recorded
Root cause analysis is used to identify appropriate actions
Actions tackle causes of poor data quality not symptoms
The needs of wider data users (e.g. customers) are considered alongside immediate internal user needs
Actions to improve quality are recorded and monitored for effectiveness
A process to ensure actions are refined/changed to ensure data quality improves

Unaware Emerging Learning Developing Mastering 
3 Assessing quality throughout the data lifecycle

“Data should be managed across its lifecycle, paying close attention to quality measures and assurance at each stage.”
This strand deals with how you assess the quality of your data. It covers what good assessments look like and how they can be best used.

To move along this strand, you need to know the quality of your critical datasets and use good assessment methods.
Organisations that excel in this strand will know the quality of their critical data for all their major users. They will be regularly monitoring quality over time. Evidence / Notes
Data quality is not assessed, or is assessed only in response to issues raised
Data quality is monitored in some parts of the organisation
Data quality is not linked to fitness for purpose
Critical datasets have data quality proactively monitored
This is evaluated quantitatively
Results are recorded
The quality of datasets is proactively monitored
Quality is linked to fitness for purpose and evidence is tracked over time
The quality of datasets is monitored at intervals appropriate to the dataset update frequency
Quality for all major usages are evaluated

Unaware Emerging Learning Developing Mastering 
4 Communicating clearly & effectively

“Communicate quality to users regularly and clearly to ensure data is used appropriately.”
This strand deals with how you share what you know about data quality. It covers what you share and how.
To move along this strand, you need to consider a range of people who need to know about quality, and how best to reach them.
The best organisations in this strand will be using a wide range of routes to reach data users, using clear communication that varies for different audiences. Evidence / Notes
Data quality is not communicated
“Known errors” are shared with some users
Internally, data quality problems may be known but not escalated effectively
Some assessment about data quality is shared for critical datasets (It is acceptable even if information may be out of date)
Immediate management are aware of data’s quality
Data quality is communicated in terms of fitness for purpose
Critical datasets have statements of data provenance and known quality concerns
Routes for communication have been considered, are clear and working effectively
Data quality is routinely shared alongside information on data products and publications 
Information about data quality is up to date, clear and meaningful for its audience

Unaware Emerging Learning Developing Mastering 
5 Anticipate changes affecting data quality

“Not all problems can be predicted. Where possible, anticipate and prevent future data quality issues through good communication, effective management of change and addressing quality issues at source.”
This strand deals with things you can do to help future-proof your data quality.
To move along this strand you need to consider how best to design data quality into your systems and datasets, and to prepare for change and consult your users.
Organisations that excel in this strand will be using change as an opportunity to improve quality, while fully engaging data users. Evidence / Notes
Quality is not considered at data entry/collection/processing
Change happens without user consultation
Validation or quality controls exist for some fields in high-value data
Internal users are informed of major changes that may impact on quality when they occur (e.g. upgrades)
New systems/processes include quality controls as part of their design
High-impact users are informed of changes that may impact on quality before they occur
Users’ needs for data quality are considered at the design stage for new systems and processes
Changes to systems/processes are used as an opportunity to improve the quality of data
A wide range of user quality needs are incorporated into new systems/processes
Projects working on new/changed systems/processes plan for and embed ongoing data quality management in the organisation
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Gartner
First presented in 2008, this data maturity model looks at the enterprise information management system as one single unit. It has five primary goals: 
1. Data integration across the organisation
2. Unification of content 
3. Integration of master data domains
4. Smooth flow of information across the organisation
5. Better data management and reconciliation
This maturity model has a total of six stages of maturity. 

Level 0: Unaware 
There is no awareness of any data governance activities. There is no ownership, security, or any system defined for data in the organisation. 
The processes for creation, gathering, sharing of data, or information is not defined. 
There is a lack of definition of common established standards for data gathering or storage for metadata management. No data models are outlined here. 
Data exchange, storage, and archiving take place mainly over email. Strategic decisions are often made without enough information. 
Action Items: With no awareness about any data governance policies in place, the system architects and strategy planners need to educate the business and IT leaders about the value of data and 
EIM (Enterprise Information Management). 
Level 1: Aware 
This is the stage at which a lack of data governance becomes evident. Business and IT leaders start to understand and acknowledge the value of information and EIM  
There is a well-recognized need for a standard set of tools, processes, and models in place to establish uniformity across the organization. 
Action Items: System architects and planners develop an enterprise information management strategy to suit the organisations needs and ambitions. 
Level 2: Reactive 
The business finally understands the importance and value of information. Sharing of information takes place between internal teams. 
Although the information management system is in place, the level of adherence is low. 
Action items: Executives actively promote the EIM strategies and the benefits as a solution to making far better strategic use of data. 
Level 3: Proactive 
Information management system is accepted and adopted, supporting crucial business decisions. Information owners are assigned to govern the data. 
Information actively shared between teams. 
The policies and standards are employed organisation-wide. Data governance becomes a part of every project. 
Action items: Take EIM a step ahead and identify the opportunities at the departmental level. 
Level 4: Managed 
Information is viewed as a valuable asset to the company. EIM standards and policies are well understood and implemented throughout the organisation. 
Information assets are categorised, and information metrics are defined. A committee is formed to solve inter-team information issues and to identify the places for the betterment of the same. 
Action Items: Information management tasks need to be tracked and made sure they are in line with the EIM policies. 
Level 5: Effective 
This is the final level wherein it is safe to say that the organisation has reached its goal in terms of information management. 
Information is now considered to provide the company with an added edge over its competitors. EIM strategies are linked with improved productivity and efficiency. 
Action items: Define and implement controls to ensure adherence to the policies defined throughout the process. The policies should be followed irrespective of a change of leadership in the 
organisation or a change of direction. 
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